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basic parametrisation:
● initial conditions 2x(6)
● accelerometer bias 2x(3)
● accelermeter scaling 2x(3)

 parameters per arc    24

in daily arcs (30 days):
● 18000 parameters,
● 17280 for the noise model
● + gravity field

Perturbation theory [Kim, 2000]: 
Errors in background models will (mostly) sum up in 1/rev

→ frequently used in the Celestial Mechanics Approach
    [Beutler et al., 2010]
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 Conclusion
RMS over the oceans

● observation-based approach
● computed together with the 

solution
● provides a good solution 

(if PCAs sample correctly)
● improvement...

● computational efficiency?
● observation-based – outliers
● improvement...
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